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Separate Appendix for Online Publication

Delta-Matched Spreads

An alternative to strike-matching is to construct the option basket such that the BS delta of the basket

and the index are equal. In this appendix we discuss this approach, and refer to it as “delta-matching.”

Delta represents the derivative of an option price with respect to the underlying asset price. This
derivative provides an approximate percentage probability that the option expires with a positive payoff.

Low values such as 20 indicate an option has a low payoff probability (or is “out-of-the-money”), and

high values such as 80 indicate “in-the-money” (ITM) options. While put options have negative delta,
we use the convention of taking the absolute value, so that all reported deltas are positive. Short-dated

at-the-money (ATM) forward options have a delta of approximately 50.

We find qualitatively identical behavior of delta-matched and strike-matched basket-index spreads.
The time series correlation between spreads for the two approaches is over 95%. Table A1 compare

average option prices under delta-matching (Panel A) and strike-matching (Panel B, and shown in the

main text as Panel B of Table 3).
The rise in crisis put spreads is 3.1 cents under delta-matching, versus 3.2 cents under strike matching.

The rises in put spreads relative to call spreads is 3.5 cents and 2.7 cents, respectively. The difference-in-
differences (put minus call spreads, financials minus non-financials) is 2.4 cents for delta-matching and

2.3 for strike-matching.

Table A1—Cost of Insurance with Delta Matching

Financials Non-financials

Puts Calls Puts Calls

Basket Index Spread Basket Index Spread Basket Index Spread Basket Index Spread

Panel A: Delta-matching

Pre-crisis 4.8 3.8 1.0 2.2 1.8 0.4 5.4 3.8 1.6 2.5 1.9 0.6

Crisis 15.3 11.3 4.0 3.4 3.4 0.0 9.3 6.8 2.5 3.0 2.5 0.5

Crisis diff. 10.5 7.5 3.1 1.2 1.6 -0.4 3.9 3.0 0.9 0.5 0.7 -0.2

Panel B: Strike-matching

Pre-crisis 5.2 3.8 1.4 3.4 1.8 1.6 6.2 3.7 2.4 4.2 1.8 2.4

Crisis 15.9 11.3 4.6 5.5 3.4 2.1 10.0 6.7 3.3 5.4 2.5 2.9

Crisis diff. 10.6 7.5 3.2 2.2 1.6 0.5 3.9 2.9 0.9 1.2 0.7 0.5

Note: Basket and index insurance cost comparison in delta-matching approach (Panel A) and
strike-matching approach (Panel B).

Sample Detail

Our sample uses exchange traded funds (ETFs) belonging to the Select Sector SPDR. SPDRs are
a large ETF family traded in the U.S., Europe, and Asia-Pacific and managed by State Street Global
Advisors. These sector funds represent nine separate portfolios based on the industry sectors comprising

all stocks in the S&P 500 index. The S&P 500 is classified into ten sectors but, due to the small number of
telecommunications firms in the index, technology and telecommunications are combined in a single ETF.

The investment objective of each fund is to provide investment results that, before expenses, correspond

generally to the return performance of the stocks represented in each specified sector index. The financial
sector index ticker is XLF, and Table B1 reports the XLF holdings before and after the crisis. Options
on SPDR sector ETFs are physically settled and have an American-style exercise feature. Further detail

regarding SPDR S&P 500 sector ETFs is available at https://www.spdrs.com/.
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Bid-Ask Spread Adjustment

To ensure that the increase in the basket-index put spread is not solely due to wider bid-ask spreads
during the financial crisis, we reconstruct an alternative basket-index spread series using raw option price

quotes rather than the interpolated volatility surface provided by OptionMetrics. This also serves as a

check that OptionMetrics interpolated prices do not suffer from inaccurate extrapolation or reliance on
illiquid contracts. To summarize, results from raw options data combined with accounting for bid-ask

spreads and contract liquidity generates put spreads that are qualitatively identical, and quantitatively

very similar, to the results we report in the main text.

For this analysis, we construct synthetic options with constant maturity (365 days) and constant delta

of 30 by interpolating raw option prices in a similar vein as OptionMetrics. We impose two constraints

on our interpolation to ensure its robustness to liquidity concerns. First, we restrict the universe of raw
options to those with positive open interest to ensure a minimum degree of liquidity. Results are similar

if we instead require that contracts have positive volume. Second, when constructing synthetic options

with constant maturity and constant delta, we strictly interpolate and never extrapolate. In particular,
we require at least one option with delta above 30 and one with delta below 30, and similarly require one

option with maturity greater than 365 and one with maturity less than 365. Often a stock has only one

option near delta 25, which is why we construct synthetic options with delta 30. Finally, to account for
bid-ask spreads, all individual option prices are set equal to the bid price, and all index option prices are

set equal to their ask price. This results in the most conservative spread in prices of index puts versus

the basket of individual puts, so that the bid-ask-adjusted put spread is always narrower than the spread
calculated from midquotes.

The resulting “net of transaction costs” basket-index put spread has very similar behavior to the

analogous spread series calculated from the volatility surface. Their correlation is 96% over the entire
sample and 93% over the crisis subsample. The “net of transaction costs” rise in financial sector put

spreads (after differencing with the rise in non-financials) is 90% of that calculated from the volatility

surface, indicating that the spread dynamics we document are not driven by bid-ask spreads.

Stock Heterogeneity and BS Model Fits

Our main model-based analysis is conducted under the simplifying assumption that the sector basket
consists of ex ante identical stocks. We do so by examining BS model-based prices for the basket and

index, PBS(σ) and PBS(
√
ρσ), described in Section II. By assuming ex ante identical stocks, our

approach asks the model to fit the average option price in the basket, rather than fitting the prices of

each option in the basket. Because the true basket is composed of non-identical firms, our model fits will

be biased due to Jensen’s inequality. This section shows that our results and conclusions are unchanged
when we individually fit the price of each individual option in the basket and that the Jensen’s effect is

quantitatively tiny.

In particular, we explicitly account for heterogeneity in the basket by using the exact daily index
weights, stock-specific call implied volatility, and stock-specific strike prices to construct the BS model
predicted basket cost of insurance. We focus on a sector index comprised of different stocks j.

To insure the sector using puts on individual stocks, we consider a basket of options that matches

the sector index composition on each day. Let wj,t be the number of shares outstanding, respectively,
for stock j in the index on day t. Denoting the price of a put option as Pt, the dollar cost of the

basket is the sum of individual stock puts necessary to insure each share in the index, and is given

by P baskett =
∑N
j=1 wjtPjt on day t. The model-predicted option prices are calculated each day by

feeding in estimates for σjt and ρt. We estimate σjt as the BS implied volatility for the individual OTM

(delta 25) call option on stock j. The necessary inputs for calculating BS implied volatility include the
time-to-maturity which is fixed at one year, the risk-free rate, the stock’s dividend yield calculated from
OptionMetrics data, and the strike price of each option. Re-estimating σ each day allows the model

to account for the often drastic differences in risk levels across regimes. We estimate ρ each day from

realized returns following equation (14).

The fits are shown in Table D1, and are directly comparable to the main BS model fits in Table 3 that

abstract from heterogeneity. The BS model’s quantitative failure to match financial sector put spreads

is nearly identical in the two tables.
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Merton Jump Model Derivations

E1. Environment without Bailout

For the reader’s convenience, we restate the model here. The annual returns on the financial sector

index, rx, and an individual bank, rs, are:

rx = µx +
√
ρεx + Jx

rI = µs +
√

1− ρεs + Js

rs = rx + rI ,

where we introduced the idiosyncratic component of a bank’s return rI . In the model with a bailout, a

government guarantee caps the log index return from below at x. The no-bailout case is the special case

with x = −∞.

In Section II.B, we assume a representative agent with reduced-form preferences over aggregate stock

returns. The derivation is based on Backus et al. (2011) who consider a setting with CRRA preferences

over consumption, in which case risk premia are increasing not only in α but also in the covariance
between consumption growth and returns. We opt for less model complexity and directly define utility

over market wealth. The log of the stochastic discount factor (SDF) is given by:

m = µm − αrx,

where α is the agent’s risk aversion.

We use the following notation for parameters of the index and idiosyncratic shocks in the pricing
derivations below. The total volatility of the Gaussian index return is denoted σx, and corresponds to

the quantity
√
ρσ in the main paper. Likewise σI is the total volatility of the Gaussian idiosyncratic

returns and maps to
√

1− ρσ in the main paper. The index and idiosyncratic jump intensities are ωx and
ωI , and map to ρσ2ω and (1 − ρ)σ2ω in the main paper. This derivation allows for separate jump size

means and standard deviations for the index jump (θx, δx) and the idiosyncratic jump (θI , δI), though

in the main paper these are equal to the same values (θ, δ).

In this notation, the mean log SDF follows from solving for the Euler equation of the one period bond:

exp{−rf} = E [exp{m}] .

Appendix F.2 shows (for the more general case with a bailout) that the resulting expression for µm is:

µm = −rf + αµx − 0.5α2σ2
x − ωx[exp{−αθx + 0.5α2δ2x} − 1].

E2. Transformation to Risk Neutral Measure

We verify the transformation between physical and risk-neutral measures, stated in the main text:

E [exp{rx}] = exp

{
µx +

1

2
σ2
x + ωx

[
exp

(
θx + 0.5δ2x

)
− 1
]}
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E∗ [exp{rx}] = E [exp{m+ rx}] /E [exp{m}]

=
E [exp{µm + (1− α)rx}]
E [exp{µm − αrx}]

=
E
[
exp{(1− α)(µx + σxεX + JX)}

]
E [exp{−α(µx + σxεX + JX)}]

= exp{µx}
E
[
exp{(1− α)σxεX}

]
E
[
exp{(1− α)JX}

]
E [exp{−ασxεX}]E [exp{−αJX}]

= exp{µx}
exp{0.5(1− α)2σ2

x}E
[
exp{(1− α)JX}

]
exp{0.5(α)2σ2

x}E [exp{−αJX}]

= exp{µx}
exp{0.5(1− 2α)σ2

x} exp{ωx[exp{(1− α)θx + 0.5(1− α)2δ2x} − 1]}
exp{ωx[exp{−αθx + 0.5α2δ2x} − 1]}

= exp

{
µx +

1

2
σ2
x − ασ2

x + ωx exp{−αθx + 0.5α2δ2x}[exp{θx − αδ2x + 0.5δ2x} − 1]

}
= exp

{
µ∗x +

1

2
σ2
x + ω∗x

[
exp

(
θ∗x + 0.5δ2x

)
− 1
]}

The mapping between the physical and risk-neutral parameters is:

µ∗x = µx − ασ2
x, θ∗x = θx − αδ2x, ω∗x = ωx exp{−αθx + 0.5α2δ2x}, δ∗x = δx

Note that this is the same expression as in the main text once we impose that σx =
√
ρσ, θx = θ, and

δx = δ. Because

1 = E [exp{m+ rx}] = E∗ [exp{rx}]E [exp{m}] = E∗ [exp{rx}] exp{−rf}

we have that

rf = µ∗x +
1

2
σ2
x + ω∗x

[
exp

(
θ∗x + 0.5δ2x

)
− 1
]

or

µx = rf + ασ2
x −

1

2
σ2
x − ω∗x

[
exp

(
θ∗x + 0.5δ2x

)
− 1
]
.

Note that this is the same expression as in the main text once we impose that σx =
√
ρσ.

E3. Auxiliary Lemmas

Before turning to option pricing, we introduce two auxiliary lemmas which are necessary for the models
with and without bailouts. Proofs for the lemmas are available from the authors upon request.

LEMMA 1: Let y ∼ N(µy , σ2
y). Then

E [exp{by}1c>y ] = exp{bµy + 0.5b2σ2
y}Φ

(
c− µy − bσ2

y

σy

)
.

LEMMA 2: Let x ∼ N(µx, σ2
x), then

E [Φ (b0 + b1x) exp (ax) 1x<c] = Φ

 b0 − t1√
1 + b21σ

2
x

,
c− t2
σx

; ρ

 exp(z1)

where t1 = −b1t2, t2 = aσ2
x + µx, z1 =

a2σ2
x

2
+ aµx, ρ = −b1σx√

1+b21σ
2
x

, and Φ (· , · ; ρ) is the cumulative

density function (CDF) of a bivariate standard normal with correlation parameter ρ.
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E4. Option Pricing in MJ Model Without Bailout

We derive the expressions for put prices in the no-bailout case below. Option prices in the MJ model
without a government bailout are a special case of the option pricing formulae developed in Appendix

F. Specifically, the no-bailout case arises by setting x = −∞. We study the price of a put option on

an individual bank stock. The price of the index option follows the same formulation after setting all
idiosyncratic risk to zero. The option matures in one-period and has European exercise. We normalize

the initial stock price to unity, which is equivalent to solving for the put price in terms of cost per dollar

insured. Likewise, the strike price K = exp(k) is expressed as a fraction of a dollar (that is, K = 1 is the
ATM option).

The price of the put is derived from:

Put = E
[
exp(m) [K − exp(r)]+

]
=
∞∑
i=0

∞∑
j=0

e−ωxωix
i!

e−ωIωjI
j!

Puti,j

where the Puti,j is the option price conditional on i aggregate jumps and j idiosyncratic jumps. We

next evaluate the price of the put specifically conditioning on the number of realized aggregate and

idiosyncratic jumps. The price of a put conditional on (i, j) jumps is:

Puti,j = −V NB1 + V 2NB

The first term is:

V NB1 = E [exp (m+ r) 1k>r]

= E
[
E
{

exp
(
µm − αrx + rI + rx

)
1k−rx>rI |rx

}]
= E

[
E
{

exp
(
rI
)

1k−rx>rI |rx
}

exp {µm + (1− α)rx}
]

= exp {µm}Ψ(1; rI)E [Φ (φ0 + φ1(−rx)) exp {(α− 1)(−rx)} 1−rx<+∞] by Lemma 1

= exp (µm) Ψ(1; rI) exp(z1)Φ

 φ0 − t1√
1 + φ21(σ2

x + iδ2x)
,

+∞− t2√
σ2
x + iδ2x

; ρ̂

 by Lemma 2

where

Ψ(1; rI) = exp{µI + jθI + 0.5(σ2
I + jδ2I )},

φ1 =
1√

σ2
I + jδ2I

,

φ0 = φ1
(
k − µI − jθI − (σ2

I + jδ2I )
)
,

t2 = (α− 1)(σ2
x + iδ2x)− µx − iθx,

t1 = −φ1t2,

z1 =
(α− 1)2(σ2

x + iδ2x)

2
+ (1− α)(µx + iθx),

ρ̂ =
−φ1

√
σ2
x + iδ2x√

1 + φ21(σ2
x + iδ2x)

.
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The second term can be solved as follows:

V NB2 = KE [exp (m) 1k>r]

= KE
[
E
{

exp {µm − αrx} 1k−rx>rI |rx
}]

= K exp {µm}E
[
E
{

1k−rx>rI |rx
}
| exp {−αrx}

]
= K exp {µm}E [Φ (φ0 + φ1(−rx)) exp {α(−rx)} 1−rx<+∞] by Lemma 1

= K exp {µm} exp{z1}Φ

 φ0 − t1√
1 + φ21(σ2

x + iδ2x)
,

+∞− t2√
σ2
x + iδ2x

; ρ̂

 by Lemma 2

where

φ0 = φ1 (k − µI − jθI) ,

t2 = α(σ2
x + iδ2x)− (µx + iθx),

z1 =
α2(σ2

x + iδ2x)

2
− α(µx + iθx).

The other terms are as in the V NB1 term. Each Puti,j term delivers the standard Black-Scholes expression
so that the MJ put price is a Poisson mixture of Black-Scholes put price components.

Merton Jump Model with Government Bailout

F1. Environment with Bailout

For the reader’s convenience, we restate the model here for convenience. The annual returns on the

financial sector index, r̃x, and an individual bank, rs, are:

r̃x = max[rx, x]

rx = µx +
√
ρεx + Jx

rI = µs +
√

1− ρεs + Js

rs = r̃x + rI .

A government guarantee caps the log index return from below at x. As discussed in Appendix E, the log
of the stochastic discount factor (SDF) is given by:

m = µm − αrx,

where α is the agent’s risk aversion. The notation follows that of Appendix E.

F2. Deriving µm

We start by deriving the mean of the log SDF in the bailout model. We take rf as an exogenous

parameter, since this will be an empirical input determined by data.

exp{−rf} = E [exp{m}] ,
= exp{µm}E [exp{−αrx}] ,

= exp{µm − α(µx + iθx) +
α2

2
(σ2
x + iδ2x)}.
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This expression is summed over the various possibilities for the number of jumps i.

exp{−rf} = exp{µm − αµx + 0.5α2σ2
x}
∞∑
i=0

e−ωxωix
i!

e−α(iθx)+0.5α2(iδ2x).

This allows us to solve for µm as a function of all other parameters:

µm = −rf + αµx − 0.5α2σ2
x − ωx[exp{−αθx + 0.5α2δ2x} − 1].

This is the same risk-free rate expression as in the case without a bailout, except that µx is different in
the presence of a bailout.

F3. Deriving µx

Now, we price the stock return for a bank in order to obtain the expected return µx. Starting from

the standard Euler equation:

1 = E [exp{m+ r}] ,

= E
[
exp{µm − αrx + max{rx, x}+ rI}

]
,

= exp{µm}E
[
exp{rI}

] {
E
[
exp{(1− α)rx}1rx>x

]
+ exp{x}E

[
exp{−αrx}1rx<x

]}
.

For a given number of idiosyncratic jumps j, the first expectation is:

E [exp{rI}] = exp{µI + jθI + 0.5(σ2
I + jδ2I )}

and given a number of aggregate jumps i, the second expectation equals:

E
[
exp{(1− α)rx}1rx>x

]
= e(1−α)(µx+iθx)+0.5(1−α)2(σ2

x+iδ2x)

Φ

(
µx + iθx − x+ (1− α)(σ2

x + iδ2x)√
σ2
x + iδ2x

)
,

and the third expectation is:

E
[
exp{−αrx}1rx<x

]
= e−α(µx+iθx)+0.5α2(σ2

x+iδ2x)Φ

(
x− µx − iθx + α(σ2

x + iδ2x)√
σ2
x + iδ2x

)
.

All three expectations are summed over the various possibilities for the number of jumps i and j. After
taking logs on both sides, we get:

0 = µm + µI + 0.5σ2
I + ωI [exp{θI + 0.5δ2I} − 1]

+ log

( ∞∑
i=0

e−ωxωix
i!

{
e(1−α)(µx+iθx)+0.5(1−α)2(σ2

x+iδ2x)Φ

(
µx + iθx − x+ (1− α)(σ2

x + iδ2x)√
σ2
x + iδ2x

)

+ex−α(µx+iθx)+0.5α2(σ2
x+iδ2x)Φ

(
x− µx − iθx + α(σ2

x + iδ2x)√
σ2
x + iδ2x

)})
.
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Because idiosyncratic risk is not priced, µI = −0.5σ2
I−ωI [exp{θI+0.5δ2I}−1], so that the final expression

is:

0 = µm + log

( ∞∑
i=0

e−ωxωix
i!

{
e(1−α)(µx+iθx)+0.5(1−α)2(σ2

x+iδ2x)Φ

(
µx + iθx − x+ (1− α)(σ2

x + iδ2x)√
σ2
x + iδ2x

)

+ex−α(µx+iθx)+0.5α2(σ2
x+iδ2x)Φ

(
x− µx − iθx + α(σ2

x + iδ2x)√
σ2
x + iδ2x

)})
.

We can plug in for the expression for µm from above, and solve the resulting non-linear equation for µx.

F4. Valuing Put Options with Bailout

The price of the put is derived from:

Put = E
[
exp(m) [K − exp(r)]+

]
=

∞∑
i=0

∞∑
j=0

e−ωxωix
i!

e−ωIωjI
j!

Puti,j

where the Puti,j is the option price conditional on i aggregate jumps and j idiosyncratic jumps. We
next evaluate the price of the put specifically conditioning on the number of realized aggregate and

idiosyncratic jumps. To avoid repetitive notation, we suppress notation for this conditioning, though it

is assumed whenever the put price takes (i, j) subscripts.

Puti,j = −E [exp (m+ r) 1k>r] +KE [exp (m) 1k>r] = −V1 + V2.

We solve for V1 and V2 in turn.

Deriving V1

We can rewrite V1 as

V1 = E
[
exp

(
m+ rI + rx

)
1k>r1rx>x

]
+ E

[
exp

(
m+ rI + x

)
1k>r1rx<x

]
= V11 + V12

The first term V11 reflects the situation where the option expires in the money but the bailout is not
activated. It can be solved as follows:

V11 = E
[
exp

(
m+ rI + rx

)
1k>r1rx>x

]
= E

[
E
{

exp
(
µm + (1− α)rx + rI

)
1k−rx>rI |rx

}
| 1rx>x

]
= E

[
E
{

exp
(
rI
)

1k−rx>rI |rx
}

exp {µm + (1− α)rx} 1rx>x
]

= exp (µm) Ψ(1; rI)E
[
Φ (φ0 + φ1(−rx)) exp {(α− 1)(−rx)} 1−rx<−x

]
by Lemma 1

= exp (µm) Ψ(1; rI) exp(z1)Φ

 φ0 − t1√
1 + φ21(σ2

x + iδ2x)
,
−x− t2√
σ2
x + iδ2x

; ρ̂

 by Lemma 2
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where

Ψ(1; rI) = exp{µI + jθI + 0.5(σ2
I + jδ2I )},

φ1 =
1√

σ2
I + jδ2I

,

φ0 = φ1
(
k − µI − jθI − (σ2

I + jδ2I )
)
,

t2 = (α− 1)(σ2
x + iδ2x)− µx − iθx,

t1 = −φ1t2,

z1 =
(α− 1)2(σ2

x + iδ2x)

2
+ (1− α)(µx + iθx),

ρ̂ =
−φ1

√
σ2
x + iδ2x√

1 + φ21(σ2
x + iδ2x)

.

The second term V12 reflects the situation where the option expires in the money and the bailout is

activated. It can be solved as follows:

V12 = E
[
exp (m+ r) 1k>r1rx<x

]
= E

[
E
{

exp
(
µm − αrx + x+ rI

)
1k−x>rI

}
1rx<x

]
= exp (µm + x)E

[
exp

(
rI
)

1k−x>rI

]
E
[
exp (−αrx) 1rx<x

]
= exp {µm + x}Ψ(1; rI)Φ (φ0 + φ1(−x)) e−α(µx+iθx)+0.5α2(σ2

x+iδ2x)Φ

(
x− µx − iθx + α(σ2

x + iδ2x)√
σ2
x + iδ2x

)

where Ψ(1; rI), φ0, and φ1 are identical to those defined above in the V11 term.

Deriving V2

We can rewrite V2 as

V2 = KE
[
exp {m} 1k>r1rx>x

]
+KE

[
exp (m) 1k>r1rx<x

]
= V21 + V22.

The first term V21 reflects states where the option expires in the money and the bailout is inactive. It

can be solved as follows:

V21 = KE
[
exp (m) 1k>r1rx>x

]
= KE

[
E
{

exp {µm − αrx} 1k−rx>rI |rx
}
| 1rx>x

]
= K exp {µm}E

[
E
{

1k−rx>rI |rx
}
| exp {−αrx} 1rx>x

]
= K exp {µm}E

[
Φ (φ0 + φ1(−rx)) exp {α(−rx)} 1−rx<−x

]
by Lemma 1

= K exp {µm} exp{z1}Φ

 φ0 − t1√
1 + φ21(σ2

x + iδ2x)
,
−x− t2√
σ2
x + iδ2x

; ρ̂

 by Lemma 2

where

φ0 = φ1 (k − µI − jθI) ,

t2 = α(σ2
x + iδ2x)− (µx + iθx),

t1 = −φ1t2,

z1 =
α2(σ2

x + iδ2x)

2
− α(µx + iθx).
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The other elements are the same as in the V1 term.

Finally, V22 captures states when the bailout is activated:

V22 = KE
[
exp (m) 1k>r1rx<x

]
= KE

[
exp {µm − αrx} 1k−x>rI 1rx<x

]
= K exp {µm}E

[
1rI<k−x

]
E
[
exp (−αrx) 1rx<x

]
= K exp {µm}Φ

k − x− µI − jθI√
σ2
I + jδ2I

 e−α(µx+iθx)+0.5α2(σ2
x+iδ2x)Φ

(
x− µx − iθx + α(σ2

x + iδ2x)√
σ2
x + iδ2x

)
.

Call options can then be priced via put-call parity, which holds in this model.

MJ Model with Uncertain Bailout

We now extend the model to a case in which the investor is uncertain about the nature of the bailout.
The investor believes that with probability p there will be a bailout and with probability 1− p there will

not be a bailout.

G1. Deriving µm and µx

The mean SDF µm follows the same expression as in the bailout and no-bailout cases.

Next, we price the stock return for a bank.

1 = E [exp{m+ r}] ,

= exp{µm}E [exp{rI}]
{
E
[
e(1−α)rx1rx>x

]
+ pexE

[
e−αrx1rx<x

]
+ (1− p)E

[
e(1−α)rx1rx<x

]}
We recall that:

E
[
exp{−αrx}1rx<x

]
= e−α(µx+iθx)+0.5α2(σ2

x+iδ2x)Φ

(
x− µx − iθx + α(σ2

x + iδ2x)√
σ2
x + iδ2x

)

and that:

E
[
exp{(1− α)rx}1rx>x

]
= e(1−α)(µx+iθx)+0.5(1−α)2(σ2

x+iδ2x)

Φ

(
µx + iθx − x+ (1− α)(σ2

x + iδ2x)√
σ2
x + iδ2x

)

The last term is:

E
[
e(1−α)rx1rx<x

]
= e(1−α)(µx+iθx)+0.5(1−α)2(σ2

x+iδ2x)

Φ

(
x− µx − iθx − (1− α)(σ2

x + iδ2x)√
σ2
x + iδ2x

)
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Define the term Bi as:

Bi = e(1−α)(µx+iθx)+0.5(1−α)2(σ2
x+iδ2x)Φ

(
µx + iθx − x+ (1− α)(σ2

x + iδ2x)√
σ2
x + iδ2x

)

+pex−α(µx+iθx)+0.5α2(σ2
x+iδ2x)Φ

(
x− µx − iθx + α(σ2

x + iδ2x)√
σ2
x + iδ2x

)

+(1− p)e(1−α)(µx+iθx)+0.5(1−α)2(σ2
x+iδ2x)Φ

(
x− µx − iθx − (1− α)(σ2

x + iδ2x)√
σ2
x + iδ2x

)

Putting all the terms together, we get:

1 = eµmeµI+0.5σ2
I+ωI [exp{θI+0.5δ2I}−1]

∞∑
i=0

e−ωxωix
i!

Bi

After taking logs on both sides, and noting that µI + 0.5σ2
I + ωI [exp{θI + 0.5δ2I} − 1] = 0, the final

expression is:

0 = µm + log

( ∞∑
i=0

e−ωxωix
i!

Bi

)

This is a non-linear expression in µx.

G2. Option Prices With Uncertain Bailout

We still start from:

Putt = Et
[
Mt+1 (K −Rt+1)+

]
=

∞∑
i=0

∞∑
j=0

e−ωxωix
i!

e−ωIωjI
j!

Puti,j

Puti,j = −E [exp (m+ r) 1k>r] +KE [exp (m) 1k>r] = −V U1 + V U2 .

The superscript U stands for Uncertain bailout. We now develop the two terms.

V U1 = E
[
exp (m+ r) 1k>r1rx>x

]
+ E

[
exp (m+ r) 1k>r1rx<x

]
= V U11 + V U12

The first term V U11 reflects the situation where the option expires in the money and the return is above

the cutoff. Whether or not there is a bailout, it would not be activated anyway. So, this term is identical

to the one derived above: V U11 = V11.

Next, we turn to V U12 . It reflects the situation where the option expires in the money and the return

is below the cutoff. With probability p, the bailout is activated and we obtain the V12 term from before.
With probability 1− p, there is no bailout and the option is worth V̂12.

V U12 = E
[
exp (m+ r) 1k>r1rx<x

]
= pV12 + (1− p)V̂ U12

V̂ U12 = E
[
E
{

exp
(
µm + (1− α)rx + rI

)
1k−rx>rI

}
1rx<x

]
= exp (µm)E

[
E
[
exp

(
rI
)

1k−rx>rI |rx
]
e(1−α)rx1rx<x

]
= exp (µm) Ψ(1; rI)E

[
Φ (φ0 + (−φ1)rx) e(1−α)rx1rx<x

]
by Lemma 1

= exp (µm) Ψ(1; rI) exp(z1)Φ

 φ0 − t1√
1 + φ21(σ2

x + iδ2x)
,

x− t2√
σ2
x + iδ2x

; ρ̂

 by Lemma 2
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where

Ψ(1; rI) = exp{µI + jθI + 0.5(σ2
I + jδ2I )},

φ1 =
1√

σ2
I + jδ2I

,

φ0 = φ1
(
k − µI − jθI − (σ2

I + jδ2I )
)
,

t2 = (1− α)(σ2
x + iδ2x) + µx + iθx,

t1 = φ1t2,

z1 =
(1− α)2(σ2

x + iδ2x)

2
+ (1− α)(µx + iθx),

ρ̂ =
φ1
√
σ2
x + iδ2x√

1 + φ21(σ2
x + iδ2x)

.

Next, we work on the second term.

V U2 = KE [exp {m} 1k>r]

= KE
[
exp {m} 1k>r1rx>x

]
+KE

[
exp (m) 1k>r1rx<x

]
= V U21 + V U22 .

The first component V U21 reflects states where the option expires in the money and the return is above
the cutoff. Whether or not there exists a bailout, it does not matter. So, V U21 = V21. For the second

component, V U22 , we have:

V U22 = KE
[
exp (m) 1k>r1rx<x

]
= pV22 + (1− p)V̂ U22

V̂ U22 = KE
[
exp {µm − αrx} 1k−rx>rI 1rx<x

]
= K exp {µm}E

[
E
[
1k−rx>rI |rx

]
e−αrx1rx<x

]
= K exp {µm}E

[
Φ (φ0 + (−φ1)rx) e−αrx1rx<x

]
by Lemma 1

= K exp {µm} exp{z1}Φ

 φ0 − t1√
1 + φ21(σ2

x + iδ2x)
,

x− t2√
σ2
x + iδ2x

; ρ̂

 by Lemma 2

where

φ1 =
1√

σ2
I + jδ2I

,

φ0 = φ1 (k − µI − jθI) ,

t2 = −α(σ2
x + iδ2x) + µx + iθx,

t1 = φ1t2,

z1 =
(−α)2(σ2

x + iδ2x)

2
− α(µx + iθx),

ρ̂ =
φ1
√
σ2
x + iδ2x√

1 + φ21(σ2
x + iδ2x)

.

In sum, we find:

Puti,j = −(V U11 + V U12) + V U21 + V U22

= −(V11 + pV U12 + (1− p)V̂ U12) + V21 + pV22 + (1− p)V̂ U22
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G3. Numerical Illustration

In order to illustrate the effects of uncertainty over the bailout, we consider the MJ model with

parameters estimated form the physical stock return distribution, as presented in Table 4. We focus on
the financial sector and the crisis period. Specifically, (ω, θ, δ) = (7,−0.05, 0.25), σ = 0.79, and ρ = 0.67

during the crisis. We consider a bailout of x = −0.45, the point estimate from Section IV.B. Risk
aversion is α = 1. The option has one year maturity, the initial price is S0 = 1 and the strike price is

K = 0.78. For these parameters, the price of the basket (individual put option) is 0.225 without bailout,

0.159 with a certain bailout (which corresponds to the value in the data), and 0.195 when a bailout
occurs with probability 0.5. We note that the put price under an uncertain bailout is higher than the

probability-weighted average of the put prices under the bailout and no-bailout cases. In our example,

0.195 > 0.192 = 0.5× 0.225 + 0.5× 0.159. This is a Jensen effect which arises from the drift adjustment
µx. The equity risk premium is higher under uncertain bailout than the weighted average risk premium

under no and certain bailouts.

Interpreting Jump Parameter Estimates

In this appendix, we further discuss the estimated jump parameter values from Sections III and

IV. As shown in Section 3.3.2, jump parameters implied by the physical return calibration, (ω, θ, δ) =

(7,−0.05, 0.25), do not generate enough risk to account for the high put option prices.

The estimation in Section 3.3.3 gives the no-bailout model a better chance of fitting the data by choos-
ing parameters without regard to the physical return moments. Yet, as we show in the main text, it still

cannot produce the required run-up in the basket-index put spread in the financial sector. The estimated

parameters are (ω, θ, δ) = (3.2,−0.34, 0.54) for the financial sector and (ω, θ, δ) = (739.2,−0.07, 0.40) for
the non-financial sector. The intensity of aggregate jumps is given by ωx = ωρσ2 in the model of Section

II.B. Therefore, an estimate of ω = 3.2 translates into a low frequency of jumps for the index, 0.11, on

average during the full sample (i.e. based on the daily time series of estimates of ρ and σ). This, together
with an average jump size of −34%, indicate that the data prefer what amounts to a rare disaster model

for the financial sector.

Figure H1 illustrates how the model prices the put basket, the put index, and the put spread in the

financial sector for various combinations of the parameters θ (on the horizontal axis) and δ (various lines
without markers). It does so for a value of ω = 5, an intermediate value between the point estimate from

the physical calibration and that from the no-bailout MJ model. The fits from the physical calibration of

Section III.C correspond to the left side of the figures (as θ = −.05 and in that calibration). The figure
shows how the option prices are far off the mark in the physical calibration. It shows clearly that one

needs to increase the risk in the model until θ is about -0.35 and δ is about 0.55 if one wants to be near

the range of put prices we see in the data. Unfortunately, at these values, the third panel shows that
this calibration is far off on the basket-index spread.

Next we explore what happens when we introduce a bailout in the MJ model. We assume a bailout
size of exp(x) = 0.65, motivated by our estimate from the data. The corresponding bailout model prices

are indicated by the lines marked with circles, again for various values of δ. With a bailout, even at the
high risk levels included in the figure, puts are not expensive enough. However, one important change is
that the basket-index spread is now substantially higher and closer to the data. It becomes clear that

matching the data requires a big enough bailout so that the spread is large while at the same time making
sure risks are high enough to match the level of put basket and index prices. This is exactly what the

best-fitting bailout model accomplishes by further increasing the magnitudes of θ and δ.

Figure H2 shows the same option price panels for a larger range of θ values (top row) and δ values

(bottom row), each time holding fixed the other parameters at their point estimate in the bailout model
estimation of Table 8. For any level of bailout (different lines in each panel), we can see that stronger

bailouts shift put prices down. The graph also illustrates that we must gradually increase the risk
parameters in order to reach the observed put levels. The best fit is from θ = −0.75 and δ = 2.5. The
slopes are steepest for θ, suggesting that this is the parameter to which moments are most sensitive. The

put prices are less steep for δ, so the loss in fit from having a lower value of δ is not as severe.

To further emphasize that the parameters are well identified by our estimation approach, Figure H3

shows the GMM objective function. Recall that the GMM objective function is the average squared

distance between 18 option pricing moments in the model and data (basket put prices, index put prices,
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Figure H1. Crisis Puts – Model and Data
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Note: Fitted crisis put prices for the financial sector at various θ and δ values, with ω held fixed
at 5 (which is about halfway between the ω of 7 in the physical calibration, and the value of 3.2
in the option estimation with no bailout). These fits follow our usual approach. That is, given
a set of jump parameters, we fix ρ at the estimated return correlation, and invert σ from the
call basket. This is done day by day, just like in our estimation, then averaged over the crisis
sample. Heavier lines correspond to higher δ values. Lines with (without) circles correspond to
fits based on a 65% (0%) bailout. Data values are shown as dashed lines.

their spread, in pre-crisis, crisis, and their difference). For convenience, we plot the inverse of the objective
function, so that higher values indicate a better fit. The bottom panel shows that the objective function

is sharply identified in the dimension of the bailout, exp(x), and in the dimension of the average jump

size, θ. The other panels show that the objective function is flatter in the δ dimension, but there is still
clearly good identification. The objective function is also flatter in the ω dimension (not shown), though

again there is a clear optimum in this dimension.

In order to understand the parameter estimates in the bailout model, we have also analyzed the moment

generating function of returns under the risk neutral measure. It reveals that the risk neutral probability

density function is bimodal with one peak in positive return territory (corresponding to the case with
zero jumps) and one peak at the bailout threshold deep into negative return territory (corresponding to

the cases of one or more jumps, the “disaster state”). At high enough levels of θ and δ, the bailout level

x pins down the size of the financial disaster because the bailout will be activated whenever there is at
least one jump. In other words, in the presence of a bailout, the parameters θ and δ lose their usual

interpretation of controlling the size the jump, and instead primarily influence the likelihood of triggering

the bailout.

Given our estimates, the bailout model essentially behaves as a rare disaster model, where the size of

the aggregate disaster is determined by the bailout threshold. That is, if a jump occurs, it is very large
and is essentially guaranteed to trigger the bailout. This concentrates probability mass at the bailout
threshold (at −36%, according to our estimates). But the occurrence of a jump is also very infrequent,

occurring with a probability of only 0.8% each year. This feature is unique to financials. For non-financial
sectors, our estimates imply more frequent and smaller downward jumps.

Our estimates throughout the paper also indicate that financial sector option prices require especially
high levels of risk relative to standard estimates for S&P 500 index options in the options literature.

However, it is important to note that our estimates for the financial sector and estimates for S&P 500

index options in the literature are not directly comparable. First, the underlying assets have different
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Figure H2. Crisis Puts – Model and Data
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Note: Fitted crisis put prices for the financial sector at various θ, δ, and exp (x) values, with ω
held fixed at 37.9 (its value in the bailout estimation). In the top panel we vary θ, holding δ
fixed at its value in bailout estimation (2.47), and vice versa in the bottom panel (there θ is fixed
at -0.75). These fits follow our usual approach. That is, given a set of jump parameters, we fix
ρ at the estimated return correlation, and invert σ from the call basket. This is done day by
day, just like in our estimation, then averaged over the crisis sample. Heavier lines correspond
to larger bailouts. Data values are shown as dashed lines.

riskiness, and second, the estimates are based on different samples. Most studies of the S&P 500 index

use data from the 1990s and early 2000s, prior to the financial crisis, while our data are from 2003 to
2009. Finally, all of our risk estimates take risk prices as given, since we fix the CRRA risk aversion at

α = 1 throughout our model estimation. We can lower the jump risk parameters and still match high

put price levels in the financial sector if we allow for α > 1. However, as Section II.B illustrates, this will
produce to an even poorer match of the financial sector put spread in the baseline MJ model.

Alternative Form of Bailout

Figure I1 studies an alternative bailout model, where rather than capping the maximum financial index

return loss the bailout provides a dollar floor on the price level of the financial sector index level. We
plot the basket-index spreads for financials for an alternative bailout specification (dashed line marked by

asterisks) in which the index value is never allowed to fall below a per share value of $6 and assuming the

same risk parameters estimated for the bailout model of Section IV. The graph also plots the put spread
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Figure H3. Objective Function Surface
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in the estimated MJ bailout model which assumes a fixed percentage bailout (marked by diamonds).
The alternative specification generates an even larger increase in the basket-index put spread than the

baseline bailout specification.

The Effects of Moneyness and Maturity

Table J1 report basket-index put and call spreads for both sectors at different moneyness and maturity
than the one year, delta 25 data reported in Table 1. Panel A and B report spreads for options that are

closer-to-the-money (that is, have a higher probability of positive payoff). The proportional increase in
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Figure I1. Basket-Index Spreads in Bailout Model
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Note: Basket-index put spreads for the financial sector in the data (marked by circles). Also
shown are spreads in the estimated MJ bailout model reported in Section IV which assumes a
fixed percentage bailout (marked by diamonds). Next we plot spreads for an alternative bailout
specification in which the index value is never allowed to fall below a per share value of $6 and
assuming the same risk parameters estimated for the bailout model of Section IV (marked by
asterisks). Finally, we plot the spread from the estimated MJ model without bailouts (marked
by squares). Units are cents per dollar insured.

the basket-index spread from pre-crisis to crisis is larger for OTM put options than for ATM put options,

as OTM options isolate payouts to the crash state in which a bailout is more likely to be active.

Panel C shows one month delta 25 spreads. Because the maturity is 1/12 that of our main analysis, the

levels of option prices and spreads are much smaller. However, the percentage effects are magnified. One
month put spreads increased by a factor of 3.5 during the crisis (versus 3.3 times for one year options)

and the put spread rise is 2.5 times that of calls (versus 2.2 times for one year options). The change in

financial sector one month put spreads is ten times larger than non-financials, versus 3.6 times larger in
the case of one year options.

Lastly, we assess the robustness of our parameter estimates using options with different moneyness.
Our main analysis uses delta 25 options. Table J2 below reports results when we instead estimate the MJ

bailout model using options with delta 35. We repeat our entire GMM estimation using these distinct

options data, yet the results are very similar to those in our main analysis (see Table 8). Because delta 35
options are closer-to-the-money, all option price levels are higher. Overall, the MJ bailout model achieves

a very close fit for all options – puts and calls, basket and index, pre-crisis and crisis. For example, the

price of the basket put during the crisis is 18.4 cents in the model and 18.7 cents in the data. More
importantly, it closely matches the rise in the put spread during the crisis (2.1 cents in the model versus

2.3 cents in the data). The jump parameter estimates are also very similar to those in the main text.
We estimate (ω, θ, δ) to be (7.6,-0.80,2.16) based on delta 35 options, while Table 8 reports estimates of
(37.9,-0.75,2.47) based on delta 25 options. Similarly, the estimated size of the bailout, exp(x), is 0.69
for delta 35 and 0.64 for delta 25.

Option Liquidity

Table K1 reports summary statistics for the liquidity of put options on the S&P 500 index, sector
indices (a value-weighted average across all 9 sectors), the financial sector index, all individual stock op-

tions (a value-weighted average), and individual financial stock options. The table reports daily averages

of the bid-ask spread in dollars, the bid-ask spread in percentage of the midpoint price, trading volume,
and open interest. The columns cover the full range of moneyness, from deep OTM (∆ < 20) to deep
ITM (∆ > 80), while the rows report a range of option maturities. We separately report averages for

the pre-crisis and crisis periods. A substantial fraction of trade in index options takes place in over-the-
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counter markets, which are outside our database. Hence, the bid-ask and volume numbers understate the
degree of liquidity. However, absent arbitrage opportunities across trading locations, the option prices

in our database do reflect this additional liquidity.
OTM put options with ∆ < 20 have large spreads, and volume is limited. OTM puts with delta

between 20 and 50 still have substantial option spreads. For long-dated OTM puts (maturity in excess

of 180 days), the average pre-crisis spread is 5.5% for the S&P 500, 12.8% for the sector options, 10.8%
for the financial sector options, 6.8% for all individual stock options, and 7.0% for individual stock

options in the financial sector. Financial sector index options appear, if anything, more liquid than other

sector index options. The liquidity difference between index and individual put options is smaller for the
financial sector than for the average sector.

Furthermore, during the financial crisis, the liquidity of the options appears to increase. For long-

dated OTM puts, the spreads decrease from 5.5% to 4.7% for S&P 500 options, from 12.8% to 7.8% for
sector options, from 10.8% to 4.5% for financial sector options, from 6.8 to 5.5% for all individual options,

and from 7.0% to 5.8% for financial firms’ options. (We note that the absolute bid-ask spreads increase

during the crisis but this is explained by the rise in put prices during the crisis. The absolute bid-ask
spreads increase by less than the price.) At the same time, volume and open interest for long-dated

OTM puts increased. Volume increased from 400 to 507 contracts for the S&P 500 index options, from

45 to 169 for the sector options, from 287 to 1049 for financial index options, and from 130 to 162 for
individual stock options in the financial sector. During the crisis, trade in OTM financial sector put

options exceeds not only trade in the other sector OTM put options but also trade in the OTM S&P 500
options. The absolute increase in liquidity of financial sector index puts during the financial crisis and

the relative increase versus individual put options suggest that index options should have become more

expensive, not cheaper during the crisis.
Table K2 reports the same liquidity statistics for calls. Calls and puts are similarly liquid yet display

very different basket-index spread behavior. The increase in the put spreads during the crisis is also

present in shorter-dated options, which are more liquid. These facts suggest that illiquidity is an unlikely
explanation for our findings.
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Table B1—Top 40 Holdings of the Financial Sector Index XLF

12/30/2010 07/30/2007

Name Weighting Name Weighting

1 JPMorgan Chase 9.01 Citigroup 11.10

2 Wells Fargo 8.86 Bank of America 10.14

3 Citigroup 7.54 AIG 8.02

4 Berkshire Hathaway 7.52 JPMorgan Chase 7.25

5 Bank of America 7.30 Wells Fargo 5.44

6 Goldman Sachs 4.66 Wachovia 4.35

7 U.S. Bancorp 2.82 Goldman Sachs 3.71

8 American Express 2.44 American Express 3.35

9 Morgan Stanley 2.25 Morgan Stanley & C 3.25

10 MetLife 2.21 Merrill Lynch 3.11

11 Bank of New York Mellon 2.04 Federal National Mortgage 2.81

12 PNC Financial Services 1.75 US Bancopr 2.51

13 Simon Property 1.60 Bank of New York Mellon 2.32

14 Prudential 1.56 Metlife 2.15

15 AFLAC 1.45 Prudential 2.00

16 Travelers 1.39 Federal Home Loan Mortgage 1.83

17 State Street 1.27 Travelers 1.63

18 CME Group 1.18 Washington Mutual 1.61

19 ACE Ltd. 1.15 Lehman Brothers 1.59

20 Capital One Financial 1.06 Allstate 1.56

21 BB&T 1.00 CME Group 1.46

22 Chubb 0.99 Capital One Financial 1.41

23 Allstate 0.93 Hartford Financial 1.40

24 Charles Schwab 0.93 Suntrust Banks 1.35

25 T. Rowe Price 0.89 State Street 1.28

26 Franklin Resources 0.87 AFLAC 1.23

27 AON 0.82 PNC 1.11

28 Equity Residential 0.81 Regions Financial 1.02

29 Marsh & McLennan 0.81 Loews 1.02

30 SunTrust Banks 0.80 Franklin Resources 1.01

31 Ameriprise Financial 0.78 Charles Schwab 0.98

32 Public Storage 0.77 BB&T 0.98

33 Vornado Realty Trust 0.74 Fifth Third Bancorp 0.98

34 Northern Trust 0.73 Chubb 0.97

35 HCP 0.73 SLM 0.97

36 Progressive 0.71 Simon Property 0.93

37 Loews 0.67 ACE Ltd. 0.91

38 Boston Properties 0.66 National City 0.82

39 Host Hotels & Resorts 0.64 Countrywide Financial 0.81

40 Fifth Third Bancorp 0.64 Lincoln National 0.79

Note: This table reports the 40 firms with the largest weights in the financial sector index ETF,
XLF, on 12/30/2010 and 07/30/2007. On 12/30/2010, there were 81 companies in XLF; on
07/30/2007, there were 96 companies. The weights are the relative market capitalizations of the
top 40 holdings of the index.
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Table D1—Cost of Insurance in BS Model with Stock Heterogeneity

Financials Non-financials

Puts Calls Puts Calls

Basket Index Spread Basket Index Spread Basket Index Spread Basket Index Spread

Panel A: Model

Pre-crisis 3.8 1.8 1.9 3.4 1.6 1.8 4.9 1.8 3.1 4.2 1.5 2.7

Crisis 11.4 8.2 3.1 5.5 3.5 2.1 7.7 4.6 3.1 5.4 2.9 2.5

Crisis diff. 7.6 6.4 1.2 2.2 1.9 0.3 2.8 2.7 0.0 1.2 1.4 -0.2

Panel B: Data

Pre-crisis 5.2 3.8 1.4 3.4 1.8 1.6 6.2 3.7 2.4 4.2 1.8 2.4

Crisis 15.9 11.3 4.6 5.5 3.4 2.1 10.0 6.7 3.3 5.4 2.5 2.9

Crisis diff. 10.6 7.5 3.2 2.2 1.6 0.5 3.9 2.9 0.9 1.2 0.7 0.5

Panel C: Data Spread–Model Spread

Financials Non-financials F–NF

Put Call P–C Put Call P–C P–C

Crisis diff. 2.0 0.3 1.7 0.9 0.7 0.2 1.5

Note: Summary statistics for the cost of basket and index insurance in the BS model and in the
data. Delta is 25 and time to maturity is 365 days. Units are cents per dollar insured. Unlike
the analysis in Table 3, these results explicitly allow for heterogeneity in sector index weights,
stock-specific call implied volatility, and stock-specific strike prices.

Table J1—Basket-Index Spreads by Moneyness and Maturity

Financials Non-financials Financials–Non-financials

Puts Calls Puts Calls Puts Calls Puts–Calls

Panel A: Maturity 1 year, ∆ = 35

Pre-crisis 1.6 1.8 2.5 2.5 -0.9 -0.8 -0.1

Crisis 3.9 2.2 3.3 3.0 0.6 -0.8 1.4

Crisis diff. 2.2 0.5 0.7 0.5 1.5 0.0 1.5

Panel B: Maturity 1 year, ∆ = 45

Pre-crisis 1.7 1.8 2.6 2.6 -0.9 -0.8 -0.1

Crisis 3.5 2.5 3.3 3.1 0.2 -0.7 0.8

Crisis diff. 1.8 0.7 0.7 0.5 1.1 0.2 0.9

Panel C: Maturity 1 month, ∆ = 25

Pre-crisis 0.4 0.5 0.7 0.7 -0.3 -0.2 -0.1

Crisis 1.4 1.0 0.8 1.0 0.6 -0.1 0.6

Crisis diff. 1.0 0.4 0.1 0.3 0.9 0.2 0.7

Note: Summary statistics of basket-index put and call spreads for the financial sector, non-
financial sectors, and their difference. Panel A and B report option price spreads using delta 35
and delta 45 options, respectively, with time to maturity of 365 days. Panel C reports spreads
for one month options with 30 days to maturity.
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Table J2—Cost of Insurance: MJ Bailout Model for Delta 35 Options

Financials

Puts Calls

Basket Index Spread Basket Index Spread

Panel A: Model

Pre-crisis 7.0 5.9 1.1 4.8 1.9 2.9

Crisis 18.4 15.2 3.1 8.4 5.5 2.9

Crisis diff. 11.4 9.3 2.1 3.6 3.6 0.1

Panel B: Data

Pre-crisis 6.8 5.2 1.6 4.8 3.0 1.8

Crisis 18.7 14.8 3.9 8.4 6.1 2.3

Crisis diff. 11.9 9.6 2.3 3.6 3.1 0.5

Panel C: Data Spread–Model Spread

Financials F–NF

Put Call P–C P–C

Crisis diff. 0.3 0.4 -0.2 -0.6

Panel D: Financial Sector Parameter Estimates

ω θ δ exp(x)

7.6 -0.80 2.16 0.69

Note: Summary statistics for the financial sector cost of basket and index put and call prices in
the MJ bailout model (Panel A), in the data (Panel B), and their difference (Panel C). The last
column in Panel C compares the unexplained difference in put and call spreads for the financial
sector (including a bailout) with that of the non-financial sector (excluding a bailout). Fits are
based on MJ bailout model parameters estimated from options data, and Panel D reports jump
parameter estimates (ω, θ, δ) and estimated bailout threshold exp(x). Risk aversion is α = 1.
Delta is 35 and time to maturity is 365 days. Units are cents per dollar insured.
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