Introduction

We incorporate quantile regressions into a struc-
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A Hybrid Model

In a traditional VAR, we write a bivariate pro-

Simulation Approach

o LF'it conditional quantiles. For all

Shaping the future: Policy shocks and the GDP growth distribution

Results

Monetary shocks move all quantiles of
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where p,(u) = u - (p — 1u<n).
We obtain N = 99 fitted quantiles

In the QR-VAR hybrid, we generalize the linear

model of one variable, Y7, to a linear quantile model.
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Figure 1:Unconditional distribution of GDP growth in the US Spending shocks increase upside risks dur-

where K () is a Gaussian kernel, H > 0 is a
ing ZLB events

bandwidth, and A\, is a local bandwidth.

Simulate: re-sampling from f |y )

and independently estimated with the linear quan-
tile regression method of Koenker and Basset (1978).
Given the representation of Y7 in Eq (1), we propose

a QR-VAR hybrid model

Quantile impulse (Panels 1 to 5) or mean impulse (Panel 6)
Normal times (blue) or ZLB (red) with 90% confidence interval

Questions

o How can we assess risks around GDP growth?
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o How can monetary and fiscal policy tools
influence these risks?

Panel QR-VAR (US, UK, Japan, Canada, Australia,

For sufﬁ_ciently large N: we can approximate the
Finland; 1964Q1-2019Q4) with 5 variables:
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conditional mean of Yy as+ > @, (Y1|ys—1), from
which we estimate residuals
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The residuals (€7 ;, €24)" are decomposed structurally

as in the standard VAR.

e Both policies change the location of the
distribution of future GDP growth, but fiscal
shocks also impact its shape.

e When the ZLB binds, fiscal policy scales the

distribution up, esp. for lower quantiles

o Annual real GDP growth per cap.

® Annual real government spending growth per cap.
©® Change in the short term (shadow) rate
o Annual CPI inflation

Conclusion

o Log of the financial stress index (FSI)

Structural shock identification: ® We build a hybrid of quantile regressions and
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