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=| INTRODUCTION

Technological innovation accumulates over time by combining fundamental knowledge components.” As new features and processes build on earlier
discoveries, technologies become increasingly complex.

This paper constructs a novel technological complexity score for all NAICS industries using U.S. patent data. By building annual CPC-based knowledge
networks and characterizing their structural heterogeneity, the measure captures how diverse and interconnected a technology’'s underlying components
are. The study then examines how complexity evolves over time and how it relates to product-market competition, industry profitability, and market
capitalization.
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